3% 10 4
2008 4F 10 A

SHIEIEE JE Pl

Journal of Image and Graphics

’

ETRTHRISERXFEAENS XFEE

N

JdE Jd A N,
k¥ TH& ¥ 3 F
(RERHE KU TR =B, K 300222)

M OE W TGRSR m L (SVM) S5 1 9 8% bR BB 25 SR SR B B AR A DR TR X T R A Y ) R
Ui, AR o O TR IR LB 2y 45 3R IR I T — R e TR R B SR B AL RO AT
SRR VI GRAEAC ) 2 R A5 R, 300 3 X 400 0 A2 A 4 1 72 0 S [ 4 s 12k 30) ke iy A = ) 80 i o 2 [R) 9 25F P ey B
B4 ) I 7 P 7 450 S A A o ok SR it 3 S IR R A 2 i) B T T R O LRI SRR SRR, R E, A
T LA i AR G A 23 2 M R A B AR R AR Y T DL, T EL T LS Bl 2y SR 5 2R B R A

KR SCRFEENL BAEH KRR

FE &S £ S TP181 X HERARIAAD ;A X EHE:1006-8961 (2008 ) 10-1845-04

High Performance SVM Classification Based on Kernel Transformation

BI De-xue, YU De-min, XU Zeng-pu
( College of Mechanical Engineering, Tianjin University of Science and Technology, Tianjin 300222 )

Abstract Kernel based Support Vector Machine (SVM ) does not consider inner property of training data, so classification
results are usually not in optimum condition. In this paper we present a new SVM classification algorithm. The proposed
method alters the kernel based on the class information of the training data, with input vectors being classified by this

transformed kernel. The described algorithm can improve performance of mapping function indirectly. Simulation and
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experiments validate that it can improve classification performance and robustness, and reduce noise.
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